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Abstract: The extended Friday the 13th Effect is a calendar anomaly consisting in 

abnormal stock returns that occur in a time interval that starts some trading days before 

the supposed unlucky day of Friday the 13th and it ends some trading days after. This 

paper approaches the presence of such patterns in the evolution of the closed values of 

five indexes from the London Stock Exchange: FTSE 100, FTSE 250, FTSE 350, FTSE 

SmallCap and FTSE All-Share. This investigation is performed for two periods: the first 

from January 1998 to December 2006 and the second from January 2007 to July 2019. 

While the first one could be considered as relative quiet, the second one was more 

turbulent. In the case of first period the results revealed, for four indexes, that in the trading 

day that follows Friday the 13th the returns were significant higher than the average. 

Instead, in the case of second period, we found, for the same four indexes, that two 

trading days before the Friday the 13th the returns were significant lower than the average. 

We conclude that, like many other calendar anomalies, extended Friday the 13th Effect is 

not persistent in time. 
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1. INTRODUCTION 

The evidences of the superstition influence on some investment decisions is one of 

the main arguments used by the partisans of Behavioral Finance to challenge the classic 

finance’s assumption of the rationality (e.g. Kolb and Rodriguez, 1987; Patel, 2009; 

Hirshleifer et al., 2016). Perhaps the best known superstition in the Western culture is 

associated to the bad luck that accompanies the Fridays occurring in the 13th day of a 

month.  

An investigation performed by Kolb and Rodriguez (1987) on United States stock 

market for the period July 1962 – December 1985 revealed that stock returns from Friday 

the 13th tended to be significant lower than those from the other Fridays. This pattern was 

associated to a new calendar anomaly, called Friday the 13th Effect that, however, wasn’t 

unanimously accepted. The results of many researches didn’t confirm the conclusions of 

Kolb and Rodriguez (1987). For the period 1940 - 1987, Dyl & Maberly (1988) found that 

returns of the Standard & Poor’s index from Friday the 13th did not significantly differ to the 

returns from the other Fridays. Chamberlain et al. (1991) investigated the presence of this 
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calendar anomaly in US capital market for the period 1930 – 1980. Their results indicate 

low returns in Friday the 13th, but they explained this fact by the presence of TOM (turn of 

the month) Effect. Patel (2010) studied the returns of US stock market for an overall period 

January 1950 – December 2007 divided in six decades and he obtained evidences of 

Friday the 13th Effect only for one decade (1970 – 1979).  

Other studies examined the presence of the new calendar anomaly outside US 

stock market. Coutts (1999) examined the returns of the FT 30 index, from the United 

Kingdom stock market, in the period July 1935 - December 1994, finding no evidence of 

the Friday the 13th Effect. Lucey (2000) analyzed, for the period 1988 – 2000, the returns 

of indexes from 19 countries and he revealed that in many of them the returns on Friday 

the 13th were greater than those from other Fridays. Botha (2013) studied the capital 

markets from five African countries and he concluded that superstition regarding Friday the 

13th didn’t influenced the stock returns. For the period July 1996 – August 2013 Auer & 

Rottmann (2014) found that for the seven Asian stock markets only in Philippines the 

returns on Friday the 13th were significant lower than those from the other Fridays.  

As in the case of other calendar anomalies, the knowledge about Friday the 13th 

Effect could be useful in building investment strategies. While the superstitious traders 

avoid the supposed unlucky day, others, aware by the pattern of low returns occurred in 

Friday the 13th, could try to buy cheap. If such transactions brought profits that exceed the 

average, they could be viewed as arguments against Fama (1970) Efficient Market 

Hypothesis. However, the viability of trading strategies based on the exploitation of Friday 

the 13th Effect could be guaranteed only if the pattern of low returns is persistent in time. 

Many calendar anomalies experienced in time substantial changes provoked, among other 

factors, by the transactions of the investors who want to avoid or to exploit the expected 

low or high returns. In the case of Friday the 13th such activities could affect not only the 

returns from the supposed unlucky day, but also those from some trading days before and 

after.  

Peltomäki and Peni (2010) studied the returns of two major indexes of the United 

States stock market: S&P 500 and Dow Jones Industrial Average. Their results indicated, 

for both indexes, that returns in Friday the 13th weren’t significantly different by the 

average. Instead, they found calendar anomalies related to the trading days that were 

adjacent to the supposed unlucky day. They identified significant low returns on the day 

before Friday the 13th for one period (January 1950 – January 1980) in the case of S&P 

500 and for two periods (October 1928 - January 1950 and January 1950 – December 

1980) in the case of Dow Jones Industrial Average. For both indexes, this pattern 

disappeared in the period January 1981 – July 2009, being replaced by significant high 

returns occurring on Mondays after Friday the 13th. They explained the low returns from 

the day before Friday the 13th, invoking the sales caused by the fear of bad luck. Instead, 

the returns on Mondays after Friday the 13th were high because the investors got rid of this 

fear and they returned to buy stocks. The changes in time related to Friday the 13th Effect 

could affect not only the first day and first day after, but also a larger time interval. 

Suppose that an investor who wants to sell stocks is aware that in the trading day before 

Friday the 13th the returns are lower than usually. In these circumstances he or she could 
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prefer to anticipate the sales with some trading days before. Similarly, suppose that an 

investor who wants to buy stocks, being aware that in the trading day after the prices are 

higher than usually. He or she could prefer to delay the buying for the next trading days. In 

time, such transactions could lead to significant low returns in some trading days before 

Friday the 13th and to significant high returns in some trading days after.  

Dumitriu and Stefanescu (2018) investigated the behavior of the stocks prices for a 

time interval that starts three trading days before Friday the 13th and it ends three trading 

days after. Using, for the period January 2010 – March 2019, a sample of 42 companies 

listed in the United States capital market, they found, in many cases, significant low or high 

returns that occurred in some trading days before or after Friday the 13th. In these 

circumstances, we could take into consideration not only the classical form of Friday the 

13th Effect as it was defined by Kolb and Rodriguez (1987), but also an extended form of 

this calendar anomaly materialized in significant high or low stock returns that occur some 

trading days before and some trading days after Friday the 13th. 

In this paper we investigate the presence of extended form of Friday the 13th Effect 

in London Stock Exchange (LSE) for two periods: 

- a relative quiet period from January 1998 to December 2006; 

- a more turbulent period from January 2007 to July 2019. 

In this study we employ the closed values of five indexes from LSE. We use 

GARCH models to identify Friday the 13th Effect in the evolutions of the five indexes’ 

returns. We intend, by comparing the results from the two periods, to find out if passing 

from a quiet context to a turbulent one could influence the changes on the calendar 

anomaly. The reminder of this paper is organized as it follows: the second part describes 

the data and methodology used to identify the extended form of the Friday the 13th Effect 

in London Stock Exchange, the third part presents the empirical results and the fourth part 

concludes. 

 

2. DATA AND METHODOLOGY 

2.1. Data 

In this investigation, of extended Friday the 13th Effect in the United Kingdom stock 

market, we employ the closed values of five indexes from London Stock Exchange: FTSE 

100, FTSE 250, FTSE 350, FTSE SmallCap and FTSE All-Share (the constituents of these 

indexes are presented in the Table 1). We split our sample of data provided by London 

Stock Exchange (LSE) in two sub-samples corresponding to the two periods mentioned in 

the introduction: 

- the first sub-sample covers the relative quiet period January 1998 - December 

2006; 

- the second sub-sample corresponding to the more turbulent period of January 2007 

- July 2019. 

For each index we compute the logarithmic returns (ri,t) with the formula:  

100)]ln()[ln( 1,,, −= −tjtjtj PPr                                                         (1) 
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in which Pj,t and Pj,t-1 are the closing values of the index j on the days t and t-1, 

respectively. 

 

Tab. 1 Constituents of the five LSE indexes employed in the investigation  

Index Symbol Constituents 

FTSE 100 F 100 The first 100 companies from LSE with the highest market 
capitalization 

FTSE 250 F 250 Companies with the positions from 101 to 250 in the hierarchy of 
the highest market capitalization in LSE 

FTSE 350 F 350 The first 350 companies from LSE with the highest market 
capitalization 

FTSE SmallCap F Small Companies with the positions from 351 to 19 in the hierarchy of the 
highest market capitalization in LSE 

FTSE All-Share F All Around 600 companies representing about 98% of the capital value 
of the UK firms listed at LSE 

Source: https://www.londonstockexchange.com 

 

The Table 2 reports the descriptive statistics of the five indexes returns for the two 

sub-samples. For each index the mean of returns was higher in the first sub-sample than 

in the second one. Instead, the values of standard deviation increased from the first to the 

second sub-sample, reflecting the pass to a more turbulent period. The results of the 

Jarque-Bera tests indicate, for all five indexes and for both sub-samples, that distributions 

of the returns weren’t normal. 

 

Tab. 2 Descriptive statistics of the returns 

Variable Mean Median S.D. Min Max Jarque-Bera 
test 

First sub-sample 

F 100 0.008 0.046 1.170 -5.89 5.90 628.22*** 

F 250 0.037 0.105 0.805 -4.17 4.49 1018.71*** 

F 350 0.012 0.066 1.080 -5.46 5.25 621.17*** 

F Small 0.023 0.099 0.629 -4.92 3.04 7593.94*** 

F All 0.013 0.070 1.060 -5.35 5.09 645.34*** 

Second sub-sample 

F 100 0.006 0.036 1.171 -9.27 9.38 8598.44*** 

F 250 0.018 0.071 1.120 -7.46 7.46 3021.58*** 

F 350 0.008 0.039 1.150 -8.82 8.95 7739.34*** 

F Small 0.011 0.069 0.741 -6.15 3.77 6237.10*** 

F All 0.008 0.042 1.130 -8.71 8.81 7762.35*** 

Note: *** means significant at 0.01 levels. 

 

The presence of extended Friday the 13th Effect will be investigated by regressions. 

As a preliminary step we examine the returns stationarity using Augmented Dickey – Fuller 

(ADF) unit root test (Dickey & Fuller, 1979; Dickey & Fuller, 1981) with two variants: 

- with an intercept and no trend; 

- with an intercept and a trend. 

https://www.londonstockexchange.com/exchange/prices-and-markets/stocks/indices/constituents-indices.html?index=SMX
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 For both variants, the number of lags is chosen by Akaike Information Criteria 

(Akaike, 1998). The ADF tests results, reported in the Table 3, indicate the returns 

stationarity for all five indexes and for both sub-samples.  

 

Tab. 3 Results of ADF tests 

Index Test with an intercept and no trend Test with an intercept and a trend 

Number of lags Test statistic Number of lags Test statistic 

First sub-sample 

F 100 6 -19.9142*** 6 -19.9156*** 

F 250 7 -14.4751*** 7 -14.5553*** 

F 350 7 -17.1375*** 7 -17.1462*** 

F Small 7 -12.0092*** 7 -12.0344*** 

F All 6 -19.2007*** 6 -19.2101*** 

Second sub-sample 

F 100 4 -27.4178*** 4 -27.4163*** 

F 250 4 -27.0387*** 4 -27.0543*** 

F 350 5 -25.3817*** 5 -25.3828*** 

F Small 12 -12.7823*** 12 -12.7909*** 

F All 5 -25.3195*** 5 -25.3206*** 

Note: *** means significant at 0.01 levels. 

 

We investigate the behavior of the returns for (F13-3; F13+3) time interval used in 

Dumitriu and Stefanescu (2018) which contains, along with a Friday the 13th (F13), three 

trading days that precede the supposed unlucky day (F13-3, F13-2 and F13-1) and three 

trading days that follow it (F13+3, F13+2 and F13+1): 

( )321123 13;13;13;13;13;13;13 +++−−− FFFFFFF
 

The Table 4 presented the averages of the returns occurring in the trading days of 

(F13-3; F13+3) time interval. For the first sub-sample there are, for all five indexes, positive 

values in F13+1 and negative values in F13+3. In the case of second sub-sample, we found, 

for all five indexes, that average returns had negative values of the in F13-2 but positive 

values in F13 and F13+1. 

 

Tab. 4 Average returns for the trading days of the (F13-3; F13+3) time interval 

Trading 

day 
F13-3 F13-2 F13-1 F13 F13+1 F13+2 F13+3 

 First sub-sample 

F 100 -0.036 0.011 -0.039 0.036 0.577 -0.237 -0.344 

F 250 -0.048 -0.003 0.136 -0.131 0.201 -0.130 -0.190 

F 350 -0.034 0.011 -0.012 0.008 0.527 -0.229 -0.328 

F Small -0.087 -0.119 0.161 -0.122 0.078 0.004 -0.308 

F All -0.033 0.007 -0.005 0.002 0.511 -0.224 -0.330 

 Second sub-sample 

F 100 0.051 −0.266 0.025 0.054 0.229 0.018 −0.032 

F 250 −0.033 −0.217 0.197 0.208 0.156 −0.145 0.109 

F 350 0.044 −0.261 0.049 0.073 0.221 −0.004 −0.014 

F Small 0.054 −0.079 −0.046 0.247 0.182 −0.109 0.035 

F All 0.045 −0.256 0.046 0.077 0.221 −0.007 −0.014 
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The impact of the trading days from the (F13-3; F13+3) time interval on stock returns 

will be captured by regressions with dummy variables. For the center of this time interval, 

F13, we use a dummy variable (DF130,t) with the formula: 









=

otherwise

theFridaya

withcoincidestdaytheif

DF th

t

,0

13

,1

13 ,0                                      (2) 

For the three trading days that precede Fridays the 13th we employ dummy variables 

(DF13-k,t) defined by the relation: 









=−

otherwise

theFridayabefore

daystradingkistdaytheif

DF th

tk

,0

13

,1

13 ,                         (3) 

Finally, for the three trading days that precede Fridays the 13th, we use dummy 

variables (DF13+k,t) described by the formula: 





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

=+

otherwise

theFridayaafter
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DF th

tk

,0

13

,1

13 ,                        (4) 

 

2.2. Methodology 

We use, in order to quantify the impact of the (F13-3; F13+3) time interval on stock 

returns, two categories of econometric models: 

- Ordinary Least Square (OLS) models; 

- GARCH models. 

The OLS models express the dependence of the indexes returns to the dummy 

variables associated to the trading days from (F13-3; F13+3) time interval. In order to solve 

the autocorrelation problem, we introduce lagged returns, so the equation of such model 

has the form:  

t

n

i

itji

k

tkktj rDFr  +++= 
=

−

−= 1

,

3

3

,0, 13

        
(5) 

where:  

- μ0 represents a constant term;  

- λk is a coefficient associated to the dummy variable DF13-/+k by which we try to 

capture the influence on the returns of kth trading days before/after a Friday the 13th; 

- ξi represents a coefficient of the i-order lagged returns of  the dependent variable;  

- n is the number of lagged returns,;  

- εt represents the error term supposed to follow a normal distribution with zero 

mean and a constant variance h (ε~N(0,h)). 

We verify if the error term has a constant variance by employing the White (1980) 

heteroskedasticity test.  
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The Engle (1982) and Bollerslev (1986) GARCH method has the advantage that it 

allows the error term to have a time varying variance (heteroskedasticity). The current 

error term εt is supposed to depend on the information available from the preceding period 

(It-1): 

),0(~| 1 ttt hNI −
 

The GARCH(1,1) models used in this investigation include, along with OLS 

equation (called the conditional mean equation), a conditional variance equation:  

11

2

11 −− ++= ttt hh 
                       

(6)   

where: 

- ω represents a constant term; 

- α1 is a coefficient associated to the lagged squared residuals; 

- β1 represents a coefficient associated to the lagged variance. 

For each GARCH model we investigate the standardized residuals by employing 

Ljung and Box (1978) test of autocorrelation and Engle (1982) Lagrange Multiplier test of 

homoskedasticity. 

 

3. EMPIRICAL RESULTS 

The parameters of OLS models for the first sub-sample are reported in the Table 5.  

We found significant positive values of the coefficient λ+1, in the case of F 100 and F 350 

indexes and a significant negative value of the coefficient λ+3, in the case of F Small index. 

The White tests indicate, for all five indexes, the heteroskedasticity of the residual values 

of the OLS regressions. 

 

Tab. 5 Parameters of the OLS models for the first sub-sample 

Parameters F 100 F 250 F 350 F Small F All 

μ0 
0.009 
(0.025) 

0.031* 
(0.017) 

0.014 
(0.023) 

0.016 
(0.013) 

0.014 
(0.023) 

λ-3 
-0.077 
(0.312) 

−0.055 
(0.213) 

−0.067 
(0.290) 

−0.070 
(0.158) 

−0.063 
(0.283) 

λ-2 
0.002 
(0.312) 

−0.006 
(0.213) 

−0.001 
(0.290) 

−0.095 
(0.158) 

−0.004 
(0.283) 

λ-1 
-0.087 
(0.312) 

0.110 
(0.212) 

−0.056 
(0.290) 

0.189 
(0.158) 

−0.047 
(0.283) 

λ0 
0.023 
(0.311) 

−0.181 
(0.213) 

−0.007 
(0.289) 

−0.174 
(0.159) 

−0.014 
(0.282) 

λ+1 
0.567* 
(0.311) 

0.180 
(0.213) 

0.513* 
(0.290) 

0.082 
(0.158) 

0.497* 
(0.283) 

λ+2 
-0.235 
(0.312) 

−0.181 
(0.214) 

−0.241 
(0.290) 

−0.023 
(0.158) 

−0.239 
(0.283) 

λ+3 
-0.325 
(0.312) 

−0.217 
(0.213) 

−0.322 
(0.290) 

−0.333** 
(0.158) 

−0.327 
(0.283) 

ξ1 
-0.022 
(0.021) 

0.150*** 
(0.022) 

−0.005 
(0.021) 

0.301*** 
(0.021) 

0.001 
(0.021) 

ξ2 
-0.053** 
(0.021) 

0.078*** 
(0.021) 

−0.039* 
(0.021) 

0.105*** 
(0.020) 

−0.035* 
(0.021) 

ξ3 
-0.085*** 
(0.021) 

x 
−0.070*** 
(0.021) 

x 
−0.066*** 
(0.021) 
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White Test 409.957*** 380.021*** 417.877*** 713.505*** 421.189*** 

Notes: Standard errors are within parentheses; ***, ** and * mean significant at 0.01,  

0.05 and 0.1 levels, respectively. 

 

For the second sub-sample, none of the coefficients associated to the dummy 

variables is significant positive or negative. The results of White tests proved that errors of 

all five models are heteroskedastic (Table 6).   

 

Tab. 6 Parameters of the OLS models for the second sub-sample 

Parameters F 100 F 250 F 350 F Small F All 

μ0 
0.006 
(0.021) 

0.015 
(0.020) 

0.007 
(0.021) 

0.008 
(0.013) 

0.007 
(0.021) 

λ-3 
0.049 
(0.251) 

−0.053 
(0.240) 

0.039 
(0.246) 

0.029 
(0.157) 

0.040 
(0.243) 

λ-2 
−0.264 
(0.251) 

−0.229 
(0.240) 

−0.263 
(0.246) 

−0.095 
(0.158) 

−0.258 
(0.243) 

λ-1 
0.013 
(0.251) 

0.200 
(0.240) 

0.038 
(0.245) 

−0.042 
(0.157) 

0.036 
(0.243) 

λ0 
0.035 
(0.251) 

0.177 
(0.241) 

0.053 
(0.246) 

0.246 
(0.157) 

0.057 
(0.243) 

λ+1 
0.226 
(0.251) 

0.124 
(0.240) 

0.217 
(0.246) 

0.138 
(0.157) 

0.217 
(0.243) 

λ+2 
0.022 
(0.251) 

−0.173 
(0.240) 

−0.003 
(0.247) 

−0.144 
(0.157) 

−0.007 
(0.243) 

λ+3 
−0.025 
(0.251) 

0.106 
(0.240) 

−0.010 
(0.246) 

0.043 
(0.157) 

−0.010 
(0.243) 

ξ1 
−0.033* 
(0.018) 

0.082*** 
(0.018) 

−0.020 
(0.018) 

0.149*** 
(0.018) 

−0.016 
(0.018) 

ξ2 
−0.053*** 
(0.018) 

x 
−0.051*** 
(0.018) 

x 
−0.049*** 
(0.018) 

White Test 428.890*** 234.795*** 397.479*** 236.615*** 398.660*** 

Notes: Standard errors are within parentheses; ***, ** and * mean significant at 0.01,  

0.05 and 0.1 levels, respectively. 

 

The heteroskedasticity presence in the error terms of the OLS regressions implies 

that estimators of these models are inconsistent. 

The Table 7 reports the parameters of GARCH models for the first sub-sample. In 

the case of four indexes (F 100, F 250, F 350 and F All) the values of λ+1 are significant 

positive. For the F Small index we obtained a significant negative value of λ-3 and a 

significant positive value of λ-1. 

 

Tab. 7 Parameters of the GARCH models for the first sub-sample 

Coef F 100 F 250 F 350 F Small F All 

μ0 
0.035** 
(0.018) 

0.067***    
(0.014)       

0.0414**    
(0.017)       

0.057***       
(0.010)       

0.043***     
(0.016)       

λ-3 
-0.143     
(0.188)       

-0.129    
(0.148)       

-0.145     
(0.180)       

-0.171*      
(0.094)      

-0.143     
(0.176)      

λ-2 
-0.168     
(0.196)       

-0.037   
(0.133)      

-0.154     
(0.187)      

0.005   
 (0.093)       

-0.155     
(0.183)       

λ-1 
0.176      
(0.184)        

0.120      
(0.146)        

0.179     
(0.174)        

0.138*      
(0.079)       

0.175     
(0.169)       
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λ0 
0.054    
(0.180)        

-0.049     
(0.078)    

0.046   
(0.165)        

-0.013     
(0.076)     

0.045     
(0.159)       

λ+1 
0.376**     
(0.156)        

0.135*     
(0.071)      

0.340**    
(0.141)        

-0.041      
(0.038)      

0.327**      
(0.136)       

λ+2 
-0.110     
(0.263)       

-0.092   
(0.152)      

-0.089    
(0.254) 

0.015      
(0.063)       

-0.081     
(0.247)       

λ+3 
0.154      
(0.221)        

-0.050     
(0.123)     

0.140     
(0.201)        

-0.126      
(0.085)    

0.131      
(0.196)        

ξ1 x 0.201***      
(0.023)     

x 0.388***    
(0.024)      

x 

ω 0.010***    
(0.004)      

0.023***       
(0.006)      

0.011***       
(0.004)      

0.009***  
 (0.002)     

0.011***      
(0.004)      

α1 0.095***     
(0.015)       

0.148***        
(0.022)       

0.100***      
(0.015)       

0.213***      
(0.031)       

0.102***       
(0.016)      

β1 0.900***      
(0.015)      

0.818***        
(0.027)      

0.892***      
(0.016)     

0.781***      
(0.026)     

0.889***       
(0.016)      

LB test for 5 
lags 

7.966 6.110 7.531 5.348 6.461 

LB test for 10 
lags 

10.984 9.008 10.680 8.241 9.402 

ARCH LM test 
for 5 lags 

15.715 17.147 16.212 14.180 19.001 

ARCH LM test 
for 10 lags 

24.114 25.883 25.021 22.975 26.113 

Notes: Standard errors are within parentheses; ***, ** and * mean significant at 0.01, 0.05 

and 0.1 levels, respectively. 

 

The parameters of the GARCH models for the second sub-sample are presented in 

the Table 8. In the case of four indexes (the same F 100, F 250, F 350 and F All) λ-2 had 

significant negative values. We also obtained significant positive values of λ+1 (in the case 

of F Small) and of λ+3 (in the case of F 250).  

 

Tab. 8 Parameters of the GARCH models for the second sub-sample 

Coef F 100 F 250 F 350 F Small F All 

μ0 
0.039**    
(0.016)      

0.044***     
(0.015)     

0.040**   
(0.015)     

0.035***    
(0.010)      

0.040***   
(0.015)      

λ-3 
-0.035 
 (0.211)     

0.074   
(0.155)       

-0.009   
(0.202)     

0.004    
(0.128)       

-0.010   
(0.199)      

λ-2 
-0.312***  
 (0.119)     

-0.274**     
(0.108)      

-0.304***      
(0.116)      

-0.102   
(0.086)     

-0.296***     
(0.114)      

λ-1 
-0.056  
 (0.156)    

-0.004    
(0.166)     

-0.047     
(0.154)      

-0.099 
(0.079)    

-0.050    
(0.151)      

λ0 
-0.064   
 (0.156)     

0.024     
(0.126)      

-0.056     
(0.155)     

0.109  
(0.101)       

-0.051    
(0.152)     

λ+1 
0.068 
(0.143)     

0.024     
(0.100)      

0.056     
(0.133)      

0.133**     
(0.061)      

0.060    
(0.130)      

λ+2 
-0.105    
(0.184)     

-0.088     
(0.144) 

-0.118     
(0.173)      

-0.106     
(0.091)    

-0.117    
(0.168)     

λ+3 
0.131   
(0.151)       

0.282***     
(0.104)       

0.160      
(0.141)       

0.094    
(0.090)      

0.158    
(0.138)     

ξ1 x 0.058***      
(0.019)      

x 0.092***   
(0.020)     

x 

ω 0.023***    
(0.007)     

0.021***   
(0.006)     

0.021***     
(0.007)    

0.015***     
(0.004)    

0.021***      
(0.006)     

α1 0.118***     
(0.021)    

0.116***      
(0.018)      

0.118***       
(0.020)      

0.156***   
(0.026)     

0.119***       
(0.020)    
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β1 0.865***   

(0.024)    
0.867***      
(0.019)    

0.865***       
(0.023)     

0.818***     
(0.027) 

0.865***      
(0.023)    

LB test for 5 lags 7.006 5.111 8.488 5.256 6.885 

LB test for 10 
lags 

11.128 9.247 11.746 9.703 10.535 

ARCH LM test for 
5 lags 

15.997 13.741 16.075 14.130 15.728 

ARCH LM test for 
10 lags 

24.825 21.840 25.821 23.860 24.200 

Notes: Standard errors are within parentheses; ***, ** and * mean significant at 0.01, 0.05 

and 0.1 levels, respectively. 

 

4. CONCLUSIONS 

The GARCH models indicate some significant differences between the two periods 

regarding the London Stock Exchange stock returns before and after Friday the 13th. For 

the relative quiet period of January 1998 - December 2006 we found, for four of the five 

indexes, that returns tended to be significant higher than the average in the first trading 

day after Friday the 13th. In the case of fifth index, FTSE SmallCap, the returns were 

significant lower than the average in the third trading days before Friday the 13th, but also 

significant higher than the average one trading day before the supposed unlucky day.  

For the more turbulent period from January 2007 to July 2019, the results indicate 

that, for the same four indexes, the returns were significant lower than the average in the 

second trading day before Friday the 13th. For the FTSE SmallCap index we found that 

returns significant higher than the average in the first trading day after Friday the 13th. We 

also found, in the case of FTSE 250 index that, in the third day, the returns tended to be 

significant higher than the average.  

Such changes in extended Friday the 13th Effect could be seen as a confirmation of 

the fact that many calendar anomalies are not persistent in time (e.g. Brockman and 

Michayluk, 1998); Dimson and Marsh, 1999; Marquering et al., 2006). The replacement of 

a relative quiet context by a more turbulent one could accelerate such changes (e.g. 

Holden et al., 2005; Wong et al., 2006).  

The behavior of the FTSE SmallCap index, different from the other four indexes, 

could be explained by the size effect that characterizes some anomalies of financial 

markets (e.g. Keim, 1983; Schwert, 1983; Chan et al., 1985; Berk, 1996). 

The investigation on the extended Friday the 13th Effect presence in the London 

Stock Exchange could be continued with the study of how the stock returns of various 

companies from United Kingdom capital market behave before and after the supposed 

unlucky day. 
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